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2 Paper Reading

2.1 An Alternative View: When Does SGD Escape Local Minima?
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2.2 BREAKING THE SOFTMAX BOTTLENECK: A HIGH-RANK RNN
LANGUAGE MODEL
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2.3 Katyusha X: Practical Momentum Method for Stochastic Sum-of-Nonconvex
Optimization
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2.5 Deep Residual Learning for Image Recognition
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Figure 2. Residual learning: a building block.

Figure 1: ResNet

2.6 Faster R-CNN: Towards Real-Time Object Detection with Region Pro-
posal Networks
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2.7 Mask R-CNN
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Figure 2: Mask R-CNN

2.8 Weakly Supervised Deep Detection Networks
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2.9 XNOR-Net: ImageNet Classification Using Binary Convolutional Neu-
ral Networks
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Figure 3: XNOR-Net



